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Identification Prediction of Terrorism Involved Persons Based on Weight
of Evidence Logistic Regression
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Abstract: Accurately predicting the identity of individuals involved in terrorism is of great significance for the anti—terrorism work of public
security organs. To this end, in order to improve the efficiency of data processing and prediction in the mining of terrorism related intelligence ,
we comprehensively consider the five elements of public security information and establish a label system for terrorism related personnel , using
labels to accurately describe the data characteristics of terrorism related personnel. At the same time, the evidence weight and information val-
ue are introduced to screen strongly related indicator variables, and the evidence weight logistic regression model is established to predict the
identity of terrorist related persons, so as to solve the trap and over fitting problems of dummy variables. The experiment shows that the predic-
tion effect of the proposed model on terrorist related personnel is better than that of logistic regression and other prediction models.
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Fig.1 Terrorist personnel labeling system
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Table 1 Correlation between IV value and indicator variables
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Fig.2 Types of variables predicting the identity of persons involved
in terrorism
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Table 4 Screening results of indicator variable IV value
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Fig. 3 Index variable information value ranking
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Table 5 Results of binary logistic regression analysis
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Table 8 Evidence weight training samples brought—back model detec-

tion accuracy
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Fig. 4 Receiver operating characteristic curve of training sample
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Table 11 Comparison of prediction accuracy of different models
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